While genetic and environmental factors and their interactions influence susceptibility to rheumatoid arthritis (RA), causative genetic variants have not been identified. The purpose of the present study was to assess the effects of covariates and genotype × sex interactions on the genome-wide association analysis (GWAA) of RA using Genetic Analysis Workshop 16 Problem 1 data and a logistic regression approach as implemented in PLINK. After accounting for the effects of population stratification, effects of covariates and genotype × sex interactions on the GWAA of RA were assessed by conducting association and interaction analyses. We found significant allelic associations, covariate, and genotype × sex interaction effects on RA. Several top single-nucleotide polymorphisms (SNPs) (~22 SNPs) showed significant associations with strong p-values (p < 1 × 10 -4 -p < 1 × 10 -24
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Background Rheumatoid arthritis (RA) is a chronic inflammatory disease of the joints, of unknown cause. It affects around 2% of people 60 years and older, but occurs in people of all ages. Women are more susceptible to RA than are men, and the disease is more frequent in some Native North American groups [1] . Inflammation in RA centers on the joints, causing joint swelling, pain, and degradation of joint cartilage and bone.
Genetic factors influence RA susceptibility [2, 3] . Although family and twin studies suggest a genetic contribution to RA susceptibility of about 50-60%, causative genetic variants have not been identified [4, 5] . Furthermore, genome-wide linkage studies of both discrete and continuous traits (RF-IgM and anti-CCP phenotypes) have shown strong evidence for linkages with several loci including chromosomes 6 and 18. Moreover, some genetic systems are strongly linked to disease susceptibility and to the disease phenotype. Recent association studies have implicated the HLA region on 6p, which accounts for about 30% of heritable risk [6] . The most studied gene associated with joint damage in RA is HLA-DRB1 [7] . However, genes from non-HLA regions are largely unknown.
Given that genome-wide association analysis (GWAA) is explicitly designed to detect genetic variants under the common-disease common-variant (CDCV) model for complex traits such as RA, it was expected that GWAA would capture most common genetic variation in RA. Because RA results from the interplay between an individual's genetic background and unknown environmental factors, it is important to assess the effects of environmental factors and their interactions on RA. Using Genetic Analysis Workshop (GAW) 16 data, we assessed the effects of covariates and interactions on the GWAA of RA. The only such factor available in the dataset we studied was sex. Although sex is not itself an environmental factor, it can serve as a model for how environmental variables and gene × environment interactions could be treated in the GWAA of RA. In addition to being a strong RA susceptibility factor, there is published evidence of heterogeneity by sex in the association of certain genetic systems.
Methods
Subjects
For this GAW16 analysis, the GAW16 RA data (Problem 1) from the North American Rheumatoid Arthritis Consortium (NARAC) cases (n = 868) and matched controls (n = 1194) have been used. For the NARAC study, patients were drawn from rheumatology clinics across North America who were anti-CCP-positive and met the criteria for RA adopted by the American College of Rheumatology in 1987. The NARAC samples (n = 2062) were from multiplex families in which at least one sibling had obvious erosions as seen on radiography of the hand, and at least one sibling had an onset of RA between the ages of 18 and 60 years.
Genotyping
As described in Padyukov et al., [8] SNP genotyping was performed at the Feinsterin Institute for Medical Research Samples according to the Illumina Infinium 2 assay manual (Illumina, San Diego). All cases and most of the control samples were genotyped with the HumanHap550k beadchip.
Association analysis
We performed a population-based genome-wide association analysis using PLINK, a tool set for whole genome association [9] . We analyzed GAW16 Problem 1 data using a variety of analyses: stratification, association, and interaction analyses using PLINK software [9] . We used the structured association approach, a simple but powerful approach, to detect population stratification, as implemented in the PLINK software [9] [10] [11] . PLINK's clustering approach is based on the genome-wide average proportion of alleles shared identical-by-state (IBS) between two individuals, i.e., pairing up individuals based on genetic identity. IBS clustering is used to test whether two individuals belong to the same population. Following the stratification analysis, we performed a standard case-control association test using a CochranMantel-Haenszel statistic (1 df) that tests for singlenucleotide polymorphism (SNP)-disease association conditional on the clustering i.e., accounts for stratification effects. We used the most stringent Bonferroni correction (BONF) as well as the less stringent Benjamini and Hochberg false discovery rate (BH-FDR) for multiple testing corrections.
Interaction analysis
The covariates for a discrete trait (RA affection status) included sex and genotypic models: additive (ADD), dominant deviation (DD), and general (GM). An additive model represents the additive effects of SNPs i.e., the effect of each additional minor allele as represented by the direction of the regression coefficient. For example, a positive regression coefficient indicates that the minor allele increases risk. A DD model represents a separate test of the dominance component, and a general model represents the joint test of both ADD and DD components. However, in contrast to a dominance model, DD refers to a variable coded in such a way (0, 1, 0 for three genotypes AA, Aa, aa) that it represents the dominance deviation from additivity without specifying whether a particular allele is dominant or recessive. Effects of genotype × sex interactions: ADD × Sex and DD × Sex were assessed using a logistic regression approach as implemented in PLINK.
Results
Using RA case status as affected and unaffected, we performed a general association and genotype × sex interaction analyses to identify those loci associated with RA. Given that the NARAC sample was stratified due to the presence of subpopulations, we performed the association analyses accounting for the population stratification. We found significant allelic associations, covariate (sex), and genotype × sex interaction effects on RA. The results of the association analyses are presented in Figure 1 and Table 1 . In Figure 1 , plot A shows associations across the entire genome and plot B shows associations in non-HLA regions. In Table 1 , top SNPs (~22 SNPs with the best SNP on each chromosome) with strongest p-values (ranging from p < 1 × 10 -4 to p < 1 × 10 -24 ) were presented along with corrected p-values for multiple testing, and genotype × sex interaction p-values. As shown in Table 1 , the most strongly associated SNP (p < 1 × 10 -8 ) in a non-HLA region was on chromosome 4, rs512244 (p = 8.362 × 10 -8 ). Only three SNPs on chromosomes 4, 13, and 20 survived the overly conservative Bonferroni correction, and none of these three SNPs showed significant genotype × sex interactions. Interestingly, the Benjamini and Hochberg's false discovery rate (BHFDR), an alternative multiple testing correction, also yielded very similar p-values as shown in Tables 1 and 2. In the genotype × sex interaction analysis, we identified a new set of SNPs to be highly significant in the presence of genotype × sex interaction, which showed no significance in the allelic association model. In Table 2 ) shown in Table 2 ,~23 SNPs showed ADD × Sex and~5 SNPs showed only DD × Sex interactions. Interestingly, the evidence of significance was reduced for most of the top SNPs showing association with RA in Table 1 in the presence of interactions as shown in Table 2 . On the other hand, most of the SNPs showing highly significant effects of genotype × sex interactions (Table 2) showed no significant associations with RA (Table 1) . Among covariates, two SNPs (on chromosomes 1 and 10) showed highly significant sex effects (p < 1 × 10 -4 ), five SNPs showed additive effects, and two SNPs showed DD effects ( Table 2 ). The observed differences between men and women in RA susceptibility may be attributable to the differences according to sex in their susceptibility to the disease and in the expression of clinical phenotype of RA.
Discussion
In this study, we performed a population-based GWAA and genotype × sex interaction analyses using the GAW16 RA data (Problem 1) from NARAC. We performed association analyses without correcting for population stratification and found interesting associations (results not shown). Because the NARAC populations consisted of substructures, we repeated association 
BMC Proceedings
analyses correcting for stratification, which made a significant difference in the association results. For example, in the first association analysis, a SNP (rs2476601) in the PTPN22 gene, an excellent candidate gene on chromosome 1 for RA, showed a highly significant (1.784 × 10 -12 ) association with RA but the signal disappeared in the subsequent analysis after correction for stratification effects (p = 4.748 × 10 -4 ). Furthermore, majority of the SNPs turned out to be insignificant after correcting for multiple testing using the Bonferroni correction, an overly conservative approach, and the BH-FDR, a less stringent correction that tolerates more false positives.
Following the main-effects association analysis, we performed interaction analyses to assess the effects of covariates and genotype × sex interactions on GWAA of RA. Sex was the only "environmental" covariate available to us. Although sex does not reflect environmental exposure in the traditional sense of a factor external to the individual, sex does significantly influence a person's internal environment in terms of hormonal actions and the like. Sex may also influence a person's exposure to external substances such as hair dyes, cosmetics, and fragrances. We found significant covariate and interaction effects on RA. Interestingly, SNPs showing significant main-effects associations did not show significant interactions. In contrast, the SNPs that showed the strongest evidence for interactions did not show significant main-effect associations. This finding reveals that in a GWAA, it is important to consider genotype (additive or dominant) by sex interaction effects on RA in addition to main-effects associations. Otherwise, such variants may be missed. In other words, the list of SNPs that would be followed up for replication or confirmation changes with the genotype × sex interaction effects.
On the other hand, SNPs with significant genotype × sex interaction did not necessarily have a significant (or even suggestive) main effect association. Therefore, limiting interaction tests to markers with significant main effects would likely find different results. We cannot say whether this would lose power or would protect against false positives on the basis of these results because the underlying genetic architecture of RA is largely unknown. For example, outside of the HLA region, there are 69 p-values of 10 -5 or better for the standard association analysis, so the top 100 SNPs would certainly be different if chosen using both standard association and genotype × sex interaction. However, genotype × sex interaction increases the multiple testing problem, and an exceedingly low p-value may be required to be considered significant after correction. In this study, the association between SNPs and RA susceptibility varies significantly between men and women. These results further support our earlier observation that there was significant heterogeneity between men and women, in the susceptibility and severity effects of HLA-DRB1, men being more susceptible to this gene system's influence [12] . 
Conclusion
This case-control GWAA has yielded genomic regions exhibiting significantly different genotype frequencies between cases and controls that may contain genetic variants that predispose to RA and the regions identified may differ in the analyses with and without interactions. Our findings suggest that the association between SNPs and RA susceptibility varies significantly between men and women. In this GWAA of RA, characterization of how genes and the environment interact is important because the effects of covariates and genotype × sex interactions on RA are significant. Similar tests for interaction with sex and other environmental variables should be included in future case-control design GWAA in RA. Our study also emphasizes the importance of accounting for population stratification in analyzing GWAS data. Simple IBS-based cluster analysis changed the outcome of the analysis substantially for some markers by accounting for the effects of stratification due to the presence of subpopulations. 
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